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Our work today ...

We typically ...
| . Formalize learning / mining task
2. Design algorithm / technique to use
3. Implement the algorithm

4. Use and distribute the software

Specialized
TASK Algorithm
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And do it again ...

Specialized

TASKT Algorithm 1 Output
Specialized

TASK 2 Algorithm 2 Output
Specialized .

TASKS Algorithm 3 Output
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Our work today ...

We typically ...
|. Formalize learning / mining task
2. Design algorithm / technique to use
3. Implement the algorithm

4. Use and distribute the software

Specialized
TASK Algorithm
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Statistics: A Life Cycle View
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Data Mining Is Not a Linear Process

Translate the business

/’—P problem into a data —\‘

mining problem

Define business Select
problem appropriate data
Get to know
Assess results the data
Create a
Deploy models model set

Fix problems
with the data

Assess models

Transform data

Build models /
-
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Increasing
Computing
Power

Improved
Data
Collection
and Mgmt

Statistical &
Learning
Algorithms
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All models are wrong, but some are useful.

George E. P. Box

% =B+ B et st £ R



1 A 4G 20 R A AR 2L ?

Increasing
Computing
Power

Improved

Statistical &

Learning Data .

Algorithms Collection Substantive
and Mgmt Expertise

Data Mining Data Science
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Data Mining Is Not a Linear Process
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The Data Science Workflow

Acquire data Analysis
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