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Presentation Notes
哲学的三个终极问题：“你是谁？你从哪里来？你要到哪里去？”
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Watson J.D. and Crick F.H.C. A Structure for Deoxyribose Nucleic Acid. Nature 171, 1953. 737-738.
Crick F., Central Dogma of Molecular Biology. Nature 227, 1970. 561-563.
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Presentation Notes
脑胶质瘤干细胞是脑胶质瘤中的很小一部分细胞，具有引起肿瘤发生、维持肿瘤生长、保持肿瘤异质性的能力，在正常情况下处于休眠状态。在适当条件下，肿瘤干细胞可分化成为新的肿瘤细胞, 因而被视为是肿瘤发生、复发、转移的根源。
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RNA degradation plot

> library(simpleaffy)

> Dilution.deg <- AffyRNAdeg(Dilution)

> plotAffyRNAdeg(Dilution.deg,col=colors)

> legend("topright”,rownames(pData(Dilution)),
col=colors,lwd=1,inset=.05)

Me

Probe Number
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RNA degradation of beta-actin Boxplot of beta-actin ratios

> require("affy", quietly = TRUE)

> require("affycomp”, quietly = TRUE)

> require("affyPLM", quietly = TRUE)

> require("affypdnn”, quietly = TRUE)

> require("bioDist", quietly = TRUE)

> require("simpleaffy"”, quietly = TRUE)

> require("affyQCReport", quietly = TRUE)

> require("plier”, quietly = TRUE)

> rawData <- ReadAffy()

> ###ratioPlot() H 2 R AL

> ratioPlot(rawData,quality=quality,experimentFactor,
plotColors,legendColors, WIDTH=WIDTH,
HEIGHT=HEIGHT, POINTSIZE=POINTSIZE,
MAXARRAY=maxArray)

4 a 8@ & =a % = © : - ’
& @& @ ¢ @ @ ¢ @ 3'/5" ratio 3'/M ratio
£Z = = £ = £Z = =

i (o] =5 =t od Lot == ==

- - o ol - - o od

o W W o & = o beta-actin QC: OK (all 3'/5' ratios < 3)
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> library(affy)
> data <-ReadAffy(filenames)

> poxplot(data)
> Dilution.normalized <- normalize(data)
> poxplot(Dilution.normalized)
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> library(ggplot2)
> data_dist<-dist(t(data));

> |oc <- cmdscale(data_dist,k=2)

> plotdata<- data.frame(PC1=x,PC2=y,Group=Group,

Samplenames=samplenames)

> p <- ggplot(plotdata,

aes(x=PC1,y=PC2,color=Group))

> p <- p + geom_point(size=6,alpha=0.5)
> p + geom_text(aes(y=PC2+5,
x=PC1,label=Samplenames),size=3)

pup
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F3T3
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le]

F2T2 regzhong_2

PC1
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Color Key

Count
100 250

> library(gplots)
> data <- read.table(file = """, header = T,quote ="")
> X<-data[,1:6]
> X<-as.matrix(X)
> for(iin 1:dim(X)[1])
{
len=max(X[i,])-min(X[i,])
X[1,]1=X[1,]-min(X[i,])
X[1,]=X[i1,]/len
}
> heatmap.2(X,dendrogram="both",col=greenred,
trace="none", ylab = NULL,margins=c(6,8))
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NSC_3
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> library(igraph)
> g <- graph.empty()

> g <- add.vertices(g, nrow(nodeattr), name=as.character(nodeattr[,1]),

> fc=as.character(nodeattr[,3]), class=as.character(nodeattr[,4]),
symbol=as.character(nodeattr[,2]))

> V(g)[class=="miRNA"]$shape <- "rectangle”

> V(g)[class=="mRNA"]$shape <- "circle"

> names <- V(g)$name

> V(g)$fc<-log(as.numeric(V(g)$fc),2)

> ids <- 1l:length(names)

> names(ids) <- names

> # for edges

> from <- as.character(rel[,1])

> to <- as.character(rel[,2])

> edges <- matrix(c(ids[as.character(from)],ids[to]),nc=2)

> edges <- as.numeric(t(edges))

> g <- add.edges(g, edges)

> plot(g,vertex.label=V(g)$symbol,vertex.label.color="black",
edge.arrow.size:O)
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> data<-read.table("", sep = "\t")

> X<-data[,4:7]

> P<-matrix(0,nrow=dim(X)[1],ncol=2)

> p <- phyper(q, m, n, k, lower.tail = TRUE, log.p = FALSE)
> P[i,1]=1-p

> p.adjust(P[,1],method="fdr")->P[,2]

> gears =cbind(data[,2:3],data[,11])

> gears_bp=gears|[gears[,2]=="biological process",]

> gears_bp<-gears_bp[order(gears_bp[,3],decreasing=TRUE),]
> parplot(gears_mf[,3], horiz=TRUE,xlab="-log(p-
value)",col=3,axes = TRUE, axisnames=TRUE,
names.arg=labels,las=1)

Song HJ, eta.Nat Neurosci. 2002 May;5(5):438-45.
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R在基本统计分析方面，在高通量与多维数据可视化与统计绘图方面，以及在下一代测序
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