Data Mining With R

Data Mining With R

X1
©China Lottery Online Ltd.co 2008

December 9, 2008



Data Mining With R
.
L part I R XH04R AR AL 2E

R S s i A b 2

RS B5eH A 1) S



Data Mining With R
.
L part I R XH04R AR AL 2E

R S s i A b 2

RS B5eH A 1) S

P G R
w FLYEAR B (1 R
n UL RN



Data Mining With R
Lk
L part I: R X0 AT

R S s i A b 2

RS B5eH A 1) S

P G R
w FLYEAR B (1 R
n UL RN

s AL A AR



Data Mining With R
L it
L part II: R 37 51

R M RHTE

[} Data Mining #H5<H) packages



Data Mining With R
L it
L part II: R 37 51

R M RHTE

[} Data Mining #H5<H) packages

FRIHEN



Data Mining With R
L it
L part II: R 37 51

R M RHTE

[} Data Mining #H5<H) packages
FEF ]
@B k05



Data Mining With R
L it
L part II: R 37 51

R M RHTE

[} Data Mining #H5<H) packages
IR

@B k05

[ 5%2K (cluster)

m RIRTRR
m PEIZRR



Data Mining With R
L it
L part II: R 37 51

R M RHTE

[} Data Mining #H5<H) packages
IR
@B k05
K (cluster)
n ZIRER
m IR
B FEPLARM



Data Mining With R
L it
L part II: R 37 51

R M RHTE

[} Data Mining #H5<H) packages
IR
@B k05
[ 5%2K (cluster)
n ZIRER
m IR
B FEPLARM

0 JEEEAIEEAS



R MAZET AR R (R %20, &
2008 4E 11 H 11 H, cran EIRMET 1624 My,
T U REE. MEATE. AR &R,
DY HLas] . Rf@geih. Gt EFar. iE
FFHEZ AT .

Iz AR . Bt R-base A] LA R 5 () $2
A CSV(Comma Separated Values) ¥z, =35 HAL MK
Y, HEEEA SPSS. SAS. Minitab. Stata. Excel 23
1, B EREE MySQL. SQL Server. DB2. Oracle %

SRR EThRE. RBHET A “FAKF" (High level). “KK
S (Low level) 1 “Z2H 3" (Interactive) =ML M4, 1M
HIRE S AR ps. pdf. png. jpeg. bmp. gif. SVG &
% WTEXER HTML %
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%%H’JT@J&&*

n BREERRBEFIEISTEE (barplot);
n WL RSMEITE (hist);

w ERIFPEEEE I 2 K (plot);

m HEMAE DR (pie);

n WA IR ERIRRNERE (plot).
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subset(airquality, Temp > 80, select = c(Ozone, Temp))

transform(airquality, new = — Ozone, Temp = (Temp — 32)/1.8)
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rescaler BRI

range: scale to [0, 1]
rank: convert values to ranks

robust: robust version of sd, substract median and divide by
median absolute deviation

sd: subtract mean and divide by standard deviation
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Data Mining With R
L[ Data Mining #H2XH] packages

‘ ER ‘ b EE ‘ bz N

ER vl princomp base
Ko factanal base

R Im,nlm,flm base,stats, MASS

it Logistic glm,polr,Irm base, MASS, Design
PR | cox LR coxph,cph survival Design
FEMT aov, TukeyHSD stats

iENEl ar,arima,garch stats, tseries

FEH apriori, Tertius arules,RWeka
K-methods kmeans,clara base,cluster

FhE U i LBR Rweka
HAA Ida,qda, fda MASS,mda

Bl PRSP | rpart, )48 tree ctree | rpart,RWeka,tree party
4 BEHLARAK randomForest randomForest
Bk | EEmER svm,SMO €1071,RWeka
BIREE hclust,agen base, cluster

k AR knn,IBk class,RWeka

T P2 nnet nnet




Data Mining With R
L Sty

R

KIRHE (Association Rules) J& &K IIAT 5 B 2 Hh AN [F] 7
(T Z B BBEER, I 1K LU SRR B ) S AT A e,
VST T it o ) S LAt B IR o R IR FA DU T DR
iﬂ:ﬁ%ﬁ%’éiﬁﬁ‘ B AE 2 HE L BRI LA O0) F P 54T 4



Data Mining With R
L Smemm

arules G4 AL T AR R, BT CIES LBz
% Apriori 1 Eclat.



Data Mining With R
L gy

732K (classification)

532K TJ71%: (classification) #FR A Tree-based Methods. %)W F
BWFIEE, —FEAEmE (HER) 29K E (factor) KT,
XA (Classification trees), XFEM LR H W, &F
—ME G A RO RE, OB (Regression trees).
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Clark and Pregibon(1992) 7E S & & & F-5| A tree-based
models, Ff H AT DL R4 tree S HSCHFRRESEIL, T Brian
Ripley 7F 1998 fEifiid tree RriX A tree R%L “TifE" B R, BF
KT (BE LT EAR) HWHIEH Terry M Therneau and
Beth Atkinson FJ] rpart 41 Hothorn, Hornik, Zeileis i party.
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REALAR AR

FEHLARM R — NS 2NN B 2888, B I H 280 2
F AN ) A A 2R A AR BOT %€ « Leo Breiman i1 Adele Cutler
KBRS HRENARM A B . " Random Forests” f&AATTHI R
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BRMGFEARRIANECA N, HBAREUBE] X
F (BD bootstrap HliF) MIHhAEEE FH R AEKM
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Fm(m << M) MET A ERERE. BEX m MR,
TR AR 4 F17.
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7 R # randomForest HL3& 4t T SEILBENLARAR K] randomForest

iris.rf < —randomForest(Species ~ ., data = iris,

importance = T, proximity = T)
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OOB estimate of error rate: 4.67%

table setosa versicolor virginica
setosa 50 0 0
versicolor 0 47 3

virginica 0 3 47
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FHEE R 2%

— PP L) 2 E G PRI (Feedforward) P44 B =373 2H B -

HINJZ (Input layer) #ZMAGEE (HEZE).

Faj = (Hidden layer) ;2HINJERHH 22 [0 A2 & o e
A ER. REVMUFEZE, JBE—RfH—
ZE. RERT S (&) B Ae, BRERE
PR I 28 AR LM B3 .

Hr 2 (Output layer) NS BAERIRE 5. B, IBUE
e 4R (BERERE).
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